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Goal

Generate a human motion with text control in 3D scenes. / .. \
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Generated Navigation Motion Interaction Input

E— , Architecture
Limitation of Prior Work .
Scene-agnostic Ka ! Scene-agnostic
Pretraining TR ZeZa Es, Pretraining
1. Text to motion without scenes [1,2,3] Q Q Q Q Scene-aware Scene-aware
2. Scene-aware motion generation w./o. text control [4,5]. ( 8 rnetuning ( rnetuning
[} [ ] aji—
Key Contribution O — q:} ..... SO S, S— — Sy . w—
Position . Position
Fine-tuning an scene augmented model on a pre-trained e @ a @ @ reedng |
text-to-motion diffusion model. ol |
Text & Input Input Sample Text & Input Input
Time stamp t start position =~ Random noise end position 2D floor map Time stampt  start pose Random noise end position

Controllable Scene-
agnostic Pretrained
Text-to-Motion Model

ﬁFinetune
- ' . :> Scene-aware Finetuning

3D Scenes or Objects
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a) Root trajectory model
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b) Interaction model
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Motion Dataset with Text Annotation

A person is walking casually A person is walking a tightrope

A person does a drunk walk A person jumps
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Text Control
Inference Guidance

w/ goal reaching

Generated Interaction

Data Creation
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b) Interaction with different objects and text descr

w/ collision

Locomotion Results

A person walks

A person walks
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OmniControl

Interaction Results

Different Start Pose

Different Interact Objects
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