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Limitation of Existing Backdoor Mitigation Methoc Evaluation Results

Existing methods either retrain the entire model without precise guidance for reducing Table 1: Comparison of UNIT with 7 backdoor mitigation baselines against 14 backdoor
backdoor effects or directly prune some Specific Neurons attacks. Results are measured in percentages (%). All methods have access to 5% of

) _ . _ the clean training data. The best results are highlighted in bold.
Advanced backdoor attacks tend to hide backdoor behavior within benign neurons that © SHe
primarily process normal features.
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